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An overview of sentiment analysis model for
polarity classification by user perspective
review
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Abstract— Bag-of-words (BOW) is now the most popular
way to model text in statistical machine learning approaches in
sentiment analysis. However, the performance of BOW
sometimes remains limited due to some fundamental
deficiencies in handling the polarity shift problem. We propose
a model called dual sentiment analysis (DSA), to address this
problem for sentiment classification. We first propose a novel
data expansion technique by creating a sentiment-reversed
review for each training and test review. On this base paper,
propose a dual training algorithm to make use of original and
reversed training reviews in pairs for learning a sentiment
classifier, and a dual prediction algorithm to classify the test
reviews by considering two sides of one review. It extend the
DSA framework from polarity (positive-negative) classification
to 3-class (positive negative- neutral) classification, by taking
the neutral reviews into consideration. On analysis of current
dual sentiment analysis we propose our approach to analysis
sentiment as well as its automatic rating count. This can be
calculated by using user review on the basis of positive,
negative and neutral response. Than calculate all review and
display the result analysis.
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I. INTRODUCTION
In recent years, with the growing volume of online reviews
available on the Internet, sentiment analysis and opinion
mining, as a special text mining task for determining the
subjective attitude (i.e., sentiment) expressed by the text, is
becoming a hotspot in the field of data mining and natural
language processing. Sentiment classification is a basic task
in sentiment analysis, with its aim to classify the sentiment
(e.g., positive or negative) of a given text. The general
practice in sentiment classification follows the techniques in
traditional topic-based text classification, where the Bag-of
words(BOW) model is typically used for text representation.
In the BOW model, a review text is represented by a vector of
independent words.
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The statistical machine learning algorithms (such as naïve
Bayes, maximum entropy classifier, and support vector
machines) are then employed to train a sentiment classifier.
Although the BOW model is very simple and quite efficient
in topic-based text classification, it is actually not very
suitable for sentiment classification because it disrupts the
word order, breaks the syntactic structures, and discards
some semantic information.
In this paper, propose a simple yet efficient model, called
dual sentiment analysis (DSA), to address the polarity shift
problem in sentiment classification. By using the property
that sentiment classification has two opposite class labels
(i.e., positive and negative), first propose a data expansion
technique by creating sentiment reversed reviews. The
original and reversed reviews are constructed in a one-to-one
correspondence. On analysis of current dual sentiment
analysis we propose our approach to analysis sentiment as
well as its automatic rating count. This can be calculated by
using user review on the basis of positive, negative and
neutral response. Than calculate all review and display the
result analysis.
Thereafter, we propose a dual training (DT) algorithm and a
dual prediction (DP) algorithm respectively, to make use of
the original samples in pairs for training a statistical
classifier and make predictions. In DT, the classifier is learnt
by maximizing a combination of likelihoods of the original
training data set. In DP, predictions are made by considering
two sides of one review. That is, we measure not only how
positive/negative the original review is, but also how
negative/ positive review in rating based.

II.

PROPOSED SYSTEM

In proposed system there are basically two modules are
available .First module indicate dual sentiment analysis
(DSA) framework in detail. And second module indicate the
prediction user review rating on user previously review data.
Fig. 1 illustrates the process of a dual sentiment analysis. It
contains two main stages: 1) dual training (DT) and 2) dual
prediction (DP).

PROF. P. L. Ramteke,
Head of the P.G. department of computer science & Information Technology,
H.V.P.M..COET, Amravati,Maharashtra,India.

All Rights Reserved © 2017 IJARCET

77

ISSN: 2278 – 1323
International Journal of Advanced Research in Computer Engineering & Technology (IJARCET)
Volume 6, Issue 1, January 2017

A. Document Level Sentiment classification
Document level sentiment classification aims to classify
the entire document as positive or negative. There is much
actual work use one of the two types of classification
techniques which are a Supervised method and Unsupervised
method to build level document sentiment.

Fig. 1: The process of dual sentiment analysis. The
rectangle filled with slash denotes the original data, and
the rectangle filled with backslash denotes the reversed
data.
A. Dual Training
The original training specimens are reversed to their
opposites. Indicate to them as“original training set” and
“reversed training set. In our data expansion technique, there
is a one-to-one correspondence among the original and
reversed reviews. The classifier is trained by maximizing a
combination of the likelihoods of the original and reversed
training samples. This process is called dual training.
B. Dual Prediction
Dual prediction works in addressing the polarity shift
problem. This time we think” I don’t like this book. It is
boring” is an original test review, and “I like this book. It is
interesting” is the reversed test review. Accordingly, it is
very likely that the original test review will be misclassified
as Positive. While in DP, due to the removal of negation in
the reversed review, “like” this time the plays a positive role.
Therefore, the probability that the reversed review being
classified into Positive must be high. In DP, a weighted
combination of two component predictions is used as the dual
prediction output.

III.

SENTIMENT CLASSIFICATION

Sentiment classifications are based on polarity, which may
become positive, negative, or neutral. That’s mean opinions
may be classified into positive, negative, or neutral.
Moreover, there is a forth type which is a constructive
opinion which obtains suggestion to make the product better.
Opinions are classified into three categories: the first one is
direct opinions which opinion holder directly attack to target.
Second one of opinion is comparative opinions which are
opinion holder compare among entity. The third one is
indirect opinions, which are implied as in idioms or
expressed in a reverse way as in sarcasm. Researchers have
studied sentiment analysis into three levels:

Supervised method
Sentiment classification is performed at document level
sentiment. Sentiment classification can be used as a
supervised classification problem with three classes positive,
negative and neutral. Also, supervised request
machine-learning algorithms like SVM Support Vector
Machines to conclude the relationships between the opinions
that expressed and text segment. A lot of researchers found
that supervised learning techniques can perform well in
SVM and Naïve Bayes.
Unsupervised method
Unsupervised classification is performed at the sentence
level. There are two types of unsupervised classification,
which are lexicon-based, and syntactic-pattern based.
Sentence and aspect level sentiment classification for the
lexicon-based can be used.
B. Sentence Level Sentiment classification
In this level, the task is to determine each sentence in the
document as positive or negative opinions. Sentence level
sentiment analysis has classified the polarity. This level is
close to document level but here it accomplished by every
sentence [. However, there may be complex sentences in the
text which make the sentence level is not helpful. There are
two phases in level sentence sentiment done in every single
sentence: first, each sentence classified, as subjective or
objective, and the second one is the polarity of subjective
sentence.

C. Aspect Level Sentiment classification
It supposes that a document has a hold opinion on many
entities and their aspects. Aspect level classification needs
discovery of these entities, aspects, and sentiments for each of
them.
IV.

SENTIMENT ANALYSIS TECHNIQUES

There are two techniques used in Sentiment Classification.
A. Machine Learning Approach
B. Lexicon Based Approach
Machine Learning techniques include supervised and
unsupervised learning approaches. Supervised learning
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consists of some classifier such as Decision tree, Liner,
Rule-based and Probabilistic classifiers.
Lexicon Based approaches are confidential into
Dictionary based and Corpus-based methods. The
dictionary-based approach finds opinion seed words, and
then search the dictionary of their antonyms or synonyms.
But the corpus-based approach starts with a list of seed
opinion and then finds another opinion in a big corpus to try
help finding opinion words in context. The corpus-based
method further divided into the statistical and semantic
approach.
V.

CONCLUSION

Sentiment Analysis is very important research because
Sentiment Analysis help in summarizing opinion and
reviews of public. They consider as research filed. However,
Sentiment Analysis still need to improve and progress.
Moreover, there are many challenges like the polarity in a
complex sentence.
In this paper, we focus on creating reversed reviews to
assist supervised sentiment classification. The basic idea of
DSA is to create reversed reviews that are sentiment-opposite
to the original reviews, and make use of the original and
reversed reviews in pairs to train a sentiment classifier and
make predictions. DSA is highlighted by the technique of
one-to-one correspondence data expansion and the manner
of using a pair of samples in training (dual training) and
prediction (dual prediction). Then highlights the basic ideas
about Sentiment Analysis and then explains in details the
Sentiment Classification, Technique Classification .
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