International Journal of Advanced Research in Computer Engineering & Technology (IJARCET)
Volume 4 Issue 11, November 2015

A Survey On Opinion Mining Techniques for
Social Sites
Pallavi D. Jawalkar, Prof. Mrs. G. J. Chhajed, Prof. Mukesh B. Rangdal.

Abstract— Opinion mining is also known as sentiment
analysis used to analyze people’s opinions, sentiments, and
attitudes along entities such as products, services and their
attributes. Sentiments or opinions expressed in textual reviews
are typically analyzed at different resolutions. For example,
document level opinion mining identifies the overall
subjectivity or sentiment expressed on an entity (e.g., cell
phone or hotel) in a review document, but it does not associate
opinions with particular aspects (e.g., display, battery) of the
entity. The vast majority of existing approaches to opinion
feature taking out rely on mining patterns only from a single
review corpus, ignoring the non-trivial disparities in word
distributional characteristics of opinion features transversely
different corpora. A recent technique is to identify opinion
features from online reviews by considering the difference in
opinion feature statistics across two corpora, one
domain-specific corpus (i.e., the given review corpus) and one
domain-independent corpus (i.e. the contrasting corpus). To
capture this disparity via a measure called domain relevance
(DR), which characterizes the relevance of a term to a text
collection. In this first, extract a list of candidate opinion
features from the domain review corpus by considering a set of
syntactic dependence rules. For every extracted candidate
feature, then estimate its intrinsic domain relevance (IDR) and
extrinsic domain relevance (EDR) scores on the
domain-dependent and domain independent corpora,
respectively. Candidate features that are in small quantity
generic (EDR score not more than a threshold) and more
domain-specific (another threshold value is less than IDR
score) are then confirmed as opinion features. Call this interval
Threshold approach the intrinsic and extrinsic domain
relevance (IEDR) criterion.
Index Terms— Information search and retrieval, natural
language processing, opinion feature, opinion mining.

I. INTRODUCTION
Generally, most of the times, the opinion or sentiments are
expressed in the text form and analyzing those reviews is
very difficult task. Analysis of these opinions is called as
opinion mining and sentiment analysis. The computational
study of people’s opinions, sentiments and attitude expressed
in text called as Sentiment analysis. A topic can be any entity
such as news, event, product, movie, etc.
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Opinion mining is a research domain in Text mining,
Natural Language Processing, and Web mining discipline.
Now people is planned to develop a system that can identify
and classify opinion or sentiment as represented in an e-text.
The Opinion mining system analyze every text and see which
part contain opinionated word, which is to be opinionated
and who is written the opinion.
Sentiment analysis analyzes each opinionated word or
sentences and determines its sentiment polarity orientation,
whether it is positive or negative or neutral. The objective of
Opinion Mining is to make computer can able to recognize
and express emotions. An idea, view, or temperament based
on emotion instead of a fact is called sentiment. Opinion
mining also referred as sentiment analysis which focuses on
analyzing public opinions, towards entities such as services,
products and their features.
Opinions expressed in textual reviews are generally
scrutinized on different dimensions. Opinion mining
basically functioning at two levels document level and
feature level. With the fabulous growth of social media such
as reviews, forum discussions, blogs, twitter comments and
postings in social web sites on the web are used by personally,
private and organizations, for decision making. Various
different attributes of an entity on which opinions are
expressed are often referred as opinion feature or feature and
the point of reference of such opinions is called as polarity of
the opinion.
A major research area belonging to this domain is of opinion
feature identification and extraction which has already been
addressed and various techniques like Natural Language
Processing techniques and modelling techniques are
proposed. In real life reviews syntactic rules which are used
in NLP do not functioning properly as these reviews lack
formal structure, modelling method which implement
semantic rules are used for coarse grained analysis.

II. TECHNIQUES OF OPINION MINING
A. Document level sentiment analysis
It is used to predict whether the whole document represents
positive or negative effect. It decide the polarity of the
document, if it is positive phrase there it does not mean that
customer like that all things, and likely if there is negative
phrase is it does not mean user don't like everything.
For document-level classification, the sentences of known
classes are to classify whole documents, using a novel
approach where documents are separated dynamically into
chunks and classification is based on the semantic
contributions of various chunks in the document. This
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dynamic chunking approach can be investigated for
sentiment mining in other languages. It is used with
supervised, unsupervised learning algorithm. Subjectivity
and objectivity is needed in this type of classification.

if runs badly if the users review are used grammatically
incorrect words and as we see today’s large part of e-text
contains bad English sentences. So before using it on a large
scale there are techniques to detect and correct bad English.

B. Sentence Level sentiment analysis
The classification deals with the polarity of each sentence.
Document level classifications are to be applied to sentence
level classification to categorize the sentences in polarity.
The subjectivity and objectivity of the sentence are also
considered here. Subjective sentences include words related
to specific domain. Single sentence contains single opinion
about single domain and complex sentence are commented in
reviews are too complicated. Sentence level classification
cannot be useful in such type. Sentence level classification is
deals with the positive, negative and neutral sentiments.
Sentence level classification is deal with the subjectivity
classification.

Machine Learning: Machine Learning Approach is mainly
divided in to three categories supervised, unsupervised and
semi supervised. Every category again sub divided into
various algorithms

C. Aspect Level sentiment analysis
Document level and sentence level sentiment analyses do not
find what exactly people likes and don’t like. Aspect level
also called feature based sentiment analysis. It is depends on
the idea those sentiments of an opinion either positive or
negative and a target. Without a target domain a sentiment
being identified is of limited use. In many applications,
opinion sentiment targets are described by products/services
and their various features. For example “Red MI net speed is
best but its battery is get heat” it consist two aspects, net
speed and battery heat of the product Red MI. The opinion on
the Red MI net speed is positive, but on its battery is negative.
So the net speed and battery heat problems are the targets.
Based on this analysis, a structured outline of sentiments
about the products and its features can be produced.
D. Phrase level sentiment analysis
It deals with the phrases of the sentence within a particular
document. The words which appear much near to each other
that is the neighbour words are called as phrases. The phrase
level sentiment analysis is focused in opinion mining. The
phrases which contain sentiment words are found out and a
done as phrase level classification.
Depending upon the situation it will be advantageous or
disadvantageous. In some cases, the exact sentiments about a
product can be correctly classified. But in some other cases
where ambiguity polarity matters then the results will not be
correct. If sentences with negative words which are very
distant from the sentiment words, phrase level analysis is not
so efficient.
E. Natural Language Processing
It uses the grammatical structure of the sentence and
according to the grammar it finds nouns, adjectives, verbs,
etc. so for identifying features of particular product it will be
best suited. For example, “The mobile has excellent display”.
It can identify display is the feature of the product mobile.
But machine cannot understand that display is the feature. If
we observe that the display is the noun term here. So if we
broke the sentence in to English grammar structure then it
will be easy to train to machine that the noun term is the
feature of the product. The only disadvantage of using NLP is
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a) Supervised Learning: Supervised Classification is used for
prediction of the result from the given set of values on the
basis of defined set of attributes and given analytical
attributes. It contains two types of data first training data and
testing data. Training data is created model on test corpus
contain in the same attributes without having prediction
attributes. Accuracy is check by how accurate the machine is
predicting the values. Supervised learning again classified
into different categories as Support Vector Machine, Naive
Bayes, Maximum Entropy etc.
b) Unsupervised Learning: Training data set is not required
for unsupervised machine learning classification. It uses
various clustering algorithms like K-Mean clustering,
Hierarchical Clustering which are used to classify data into
classes. Neural Network can be used for defining threshold
values of the words and then sort them according to the
defined values. For the unsupervised classification in
sentiment analysis semantic Orientation and Point wise
mutual information is also used.
c) Semi Supervised Learning: In semi supervised approach
supervised and lexicon based approach are combined. By
using this combination the system performance get enhanced
for classification, because it will give the word stability and
readability from a lexicon based approach and high
correctness from the supervised approach.
Vasileios Hatzivassiloglou and Jance Wiebe [2] is proposed
Supervised classification method for the effect of adjectives
on predicting the subjectivity of opinions. They have
considered a method for predicting subjectivity of opinions at
sentence level by a supervised classification method. That
technique first classifies the adjectives according to their
orientation. And then each adjective is assigned a label
depending on its appearance frequency in the corpus data.
This label is apply depending on the maximum applicable
conjunctions threshold. After gradability is determined is
classifies the adjectives into gradable and non gradable.
Lastly depending on orientation and gradability subjectivity
of the sentence is determined. The main disadvantage of this
model is it has restricted to sentence level classification it
cannot extended to document level classification.
Disadvantage of this model is that it is limited to sentence
level classification it is not extended to document level.
Bo Pang and Lillian Lee [3] have proposed sentence level
subjectivity identifier to perceive the sentences in an archive
as either subjective or goal. Document level polarity
classification proposes minimum cut framework which
throw-outs the objective sentences in the document.
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Supervised classification method is used to predict sentence
subjectivity.
The main advantages by applying the sentiment classifier to
the resulting subjectivity extract, get result with
improvement.
Yessenalina and Cardie [4] proposed a compositional matrix
space model which works for phrase-level sentiment
analysis. The most advantages of the proposed model is that
by learning matrices for words, the model can deal with
concealed word structures similarly as the component
unigrams have been learned. A method proposed by E.
Cambria and D.Olsher works on two level affective
reasoning of conscious and unconscious.
Advantage of the proposed model is that by learning matrices
for words, the model can control unseen word compositions.
Zen Hai and C Yang [5] proposed a model to unsupervised
natural language processing to identify the candidate
feature. Many approaches have been planned to extract
opinion features in opinion mining. Supervised learning
model may be tuned to function well in a given domain, but
the model must be re-trained. If it is applied to various
domains unsupervised natural language processing (NLP)
approaches recognize opinion features by defining
domain-independent syntactic templates or rules that detain
the dependence roles and local context of the feature terms.
A model for identifying candidate features are from both
corpora i.e. domain dependent and domain independent.
This is captured by a measure called Domain relevance.
Features extracted from this are related to a domain. For each
extracted candidate feature its respective Intrinsic Domain
Relevance and Extrinsic Domain Relevance values are
calculated. These values are compared with threshold and are
identified as most excellent candidate features. These
opinion features gives the summarizing product reviews
which evaluate all the features.
The authors Pang and Lee [6] uses Machine learning
algorithms. The algorithms Naïve Bayes, Maximum entropy
classification and support vector machine which are used for
text categorization Naive bayes classification method
classifies the on the whole document by bayes rule. The
MaxEnt there are no taking consideration or assumptions
made regarding relations between features. The problem of
text categorization is converted into optimization problem by
considering support vectors is in the support vector machine.
Accuracy obtained is not better over the traditional text
categorization techniques is the main big issue of this
technique. And that why its disadvantages. The benefit or
advantages of the system is it performance improved than
human baseline [3].
Polarity classification is used by using Machine Learning
Algorithm.
These are the algorithms Naïve Bayes, Maximum entropy
classification and support vector machine.
1) Disadvantage of this method is that result
accuracy obtained is not better over the
traditional text categorization techniques.
2) The advantage of the system is it works well as
compare to human baseline.
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Ryan McDonald and Kerry Hannan [7] have proposed a
structured model for classifying sentiments at various
dissimilar levels of granularity as given document level,
sentence level or word level which is also called as fine to
coarse sentiment analysis. The very simple approach
includes having split single system for each level of
granularity. The proposed model has the main benefit of
building the single model for all granularity levels.
Labelling is done by MIRA algorithm which works at
document level and sentence level by applying a weight
vector to every label. The main drawback of this model is its
performance is not constant for longer documents.
Structured model classifier technique is used in this type of
sentiment analysis.
Lizhen Qu and Georgiana Ifrim [8] have proposed a model
based on regression method. It is used for forecasting of
review ratings from a sparse text pattern. This method
proposes an algorithm for estimating opinion scores from
regression method. The main drawback of this model is
domain dependent attributes donot give same result as
domain independent attributes.
Advantage of this model is it overcomes the problem of
sparsity faced in n-gram models.
W.jin and H. H. Ho,[9] have proposed the supervised
machine learning framework that use lexicalized Hidden
Markov Model. This framework is naturally integrate the
linguistic features into automatic learning supported by
model. This model can identify such a product which are
having complex product specific features which are possible
low frequency phrase in the review. This system can also self
auto learns new set of vocabularies based on the pattern it has
seen from the training data. Therefore the system is able to
guess potential features in test dataset even without seeing
them in the training set. The role of pronoun in the mining
result does not identify by this framework.
This paper is based on the supervised machine learning
framework which uses lexicalized Hidden Markov Model.
Hanshi Wang Lizhen Liu presents the novel method that uses
the same type of opinion words to extract features. And
filters the noises according to mutual support scores and
confidence scores. It also recognize the implicit features and
clusters the features based on the knowledge of the context
dependent information. Features considered, include both
the explicit features and the implicit features also. In this,
opinion words are divided into two categories: vague
opinions and clear opinions, to covenant with the task.
Feature clustering are depends on following three aspects:
 The corresponding opinion words
 The similarities of the features in text
 The structures of the features in comment.
Moreover, the context information is used to improve the
clustering in the procedure. The drawback is that in small
scale corpora, it has not good performance.

There are the following existing techniques for opinion
features mining.
1. Latent Dirichlet allocation (LDA),
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2. Association rule mining (ARM),
3. Mutual reinforcement clustering (MRC),
4. Dependency parsing (DP).

1. Latent Dirichlet Allocation (LDA) [10]:
This is a generative probabilistic model for collections of
discrete data like text corpora. LDA is also called as
three-level hierarchical Bayesian model, in which each one
item of a collection is modelled as a finite mixture over an
underlying set of topics. Each topic is, in turn, modelled as an
infinite mixture above an underlying set of topic
probabilities. In the context of text modelling, the topic
probabilities provide an explicit demonstration of a
document. This present efficient approximate inference
techniques based on variation methods and an EM algorithm
for empirical Bayes parameter estimation. This work gives
results in document modelling, text classification, and
collaborative filtering, comparing to a mixture of unigram
model and the probabilistic LSI model.
2. Association Rule Mining (ARM)[11] :
Merchants exports products on the online are asks their
consumers to review the products that they have purchased
online and the associated services. Our task is performed in
the following three steps:
(1)Mining product features that have been commented by
consumers;
(2) To get identify opinion comments on each review and
deciding whether each and every opinion sentence is positive
or negative;
(3) Summarizing the brief results.

3. Mutual Reinforcement Clustering (MRC) [12] :
The research on feature-level opinion mining mainly trust on
identifying the explicit related among product feature words
and opinion words in reviews. However, the sentiment
Relatedness between the two objects is complicated. In this
paper, this work presents a novel mutual reinforcement
approach to operate with the feature-level opinion mining.
More specially,
1) The approach clusters product features and opinion words
simultaneously and iteratively by fusing both their content
information and sentiment link information.
2) In this, in the same framework, based on the product
feature categories and opinion word groups.
The work make the sentiment association set among the two
groups of data objects by identifying their strongest
sentiment links. Moreover, knowledge from multi-source is
included to improve clustering in the procedure. Based on the
pre-constructed association set, our approach can largely
guessing on opinions relating on various different product
features, even for the case without the explicit appearance of
product feature words in reviews. Thus it creates a more
exact and accurate opinion evaluation. The experimental
output demonstrates that our existing technique utilizes the
state-of-art algorithms.

User-generated Content (UGC), a kind of novel media
content created by end users, has taken off in past few years
with the revolution of Web 2.0 .There are main two sub tasks
of opinion mining:
1. Topic extraction
2. Sentiment classification
This work presents techniques to these two issues
respectively for Chinese based on the consideration of
syntactic knowledge. This work gives input the blog data,
which is a typical application of UGC (User Generated
Content), as the evaluating data in our experiments and the
results show that our techniques to the two tasks are
promising.
III. CONCLUSION
This study examined opinion mining via domain driven
opinion mining which can be applied to different commercial
domains in order to yield more useful results. These case
studies show effective and efficient ways in the domain of
business. In each case study reviewed domain knowledge is
implemented in addition to the opinion mining techniques.
Areas of future study can expand the scope to other domains
such as agriculture, medical applications and engineering.
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